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Preface 

We are delighted to introduce the proceedings of the Eighth European Alliance for Inno-
vation (EAI) International Conference on Advanced Hybrid Information Processing 
(ADHIP 2024). This conference brought together researchers, developers and practi-
tioners around the world who are leveraging and developing deeper and wider use of 
hybrid information processing, especially weak signal processing. The theme of ADHIP 
2024 was “weak signal detection and estimation, multi-source information fusion and 
hybrid intelligent computing”. 

The technical program of ADHIP 2024 consisted of 115 full papers. The conference 
tracks were: Track 1- Signal Processing and Enhancement; Track 2- Information Fusion 
and Integration; Track 3- Intelligent Computing and Machine Learning; and Track 4-
Applications and Intelligent Systems. 

Aside from the high-quality technical paper presentations, the technical program 
also featured four keynote speeches. 

The four keynote speakers were Xindong Wu from Hefei University of Technology, 
China, Chenggang Yan from Hangzhou Dianzi University, China, Joey Tianyi Zhou from 
Agency for Science, Technology and Research (A*STAR), Singapore and Guangjie Han 
from Hehai University, China. 

Coordination with the general and program chairs, Xianchao Zhang, Yaodong Zhu, 
Wei Wang and Junjie Hu was essential for the success of the conference. We sincerely 
appreciate their constant support and guidance. 

It was also a great pleasure to work with such an excellent organizing committee 
team for their hard work in organizing and supporting the conference. In particular, 
the Technical Program Committee, led by our TPC Co-Chairs, Lei Chen, Hong Sun, 
Fengli Huang, Yu Wang, Ming Yan and Zheng Ma completed the peer-review process 
of technical papers and made a high-quality technical program. We are also grateful to 
the Conference Managers, Ivana Bujdakova, Ly Dao and Lin Zhong, for their support 
and to all the authors who submitted their papers to the ADHIP 2024 conference. 

We strongly believe that ADHIP 2024 provided a good forum for all researchers, 
developers and practitioners to discuss all science and technology aspects that are rel-
evant to advanced hybrid information processing. We also expect that future ADHIP 
conferences will be as successful and stimulating, as indicated by the contributions 
presented in this volume. 

Xianchao Zhang 
Joey Tianyi Zhou 

Hong Sun
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A Deep Reinforcement Learning-Based 
Approach for Intelligent Recommendation 

of Digital Museums 

Fang Liu1,2(B), Fei Dai3, Lilian Lee Shiau Gee1, Imelda Ann Achin1, and Na Zhang4 

1 Academy of Arts and Creative Technology, University Malaysia Sabah, 88400 Kota Kinabalu, 
Malaysia 

liufang0411aa@163.com 
2 School of Intelligent Engineering, Huanghe Jiaotong University, Jiaozuo 454950, China 

3 Jianghan University, Wuhan 430056, China 
4 Faculty of Computing and Informatics, Universiti Malaysia Sabah Jalan UMS, 88400 

Kota Kinabalu, Malaysia 

Abstract. As an important platform for cultural dissemination, digital museums 
have intelligent recommendation systems that can more effectively disseminate 
cultural knowledge. In order to improve recommendation effectiveness and user 
satisfaction, a digital museum intelligent recommendation method based on deep 
reinforcement learning is proposed. Acquire user preferences based on mixed 
evaluation methods. Collect exhibition information of intangible cultural heritage 
digital museum and design exhibition information database for query and analy-
sis. On this basis, in-depth reinforcement learning is used to represent and learn 
user behavior and exhibit information, and useful features are extracted from user 
behavior and exhibit information. Based on Item Collaborative Filtering (ItemCF), 
an intelligent recommendation algorithm for intangible cultural heritage digital 
museums is designed. Use Mahout open source data mining tool library to design 
an intelligent recommendation engine module for intangible cultural heritage dig-
ital museums. The test results show that this method has better frontiers in accu-
racy, recall, and F1 score compared to traditional methods, and can more accu-
rately capture users’ interests and preferences, and generate more personalized 
recommendation lists for users. 

Keywords: Deep reinforcement learning · Intangible Cultural Heritage Digital 
museum · ItemCF · Intelligent recommendation 

1 Introduction 

As an important birthplace of Chinese history and culture, Henan has rich and diverse 
intangible cultural heritage resources, such as Henan Opera, Taijiquan, Paper Cuttings, 
etc. These intangible cultural heritage cultures are not only the precious wealth of Henan 
people, but also the common cultural heritage of all mankind. As a technology for

© ICST Institute for Computer Sciences, Social Informatics and Telecommunications Engineering 2026 
Published by Springer Nature Switzerland AG 2026. All Rights Reserved 
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generating content through artificial intelligence, AIGC has powerful content genera-
tion capabilities and can automatically generate various types of content such as text, 
images, audio, video, etc. according to needs. Through AIGC technology, intangible cul-
tural heritage can be digitized and presented to the public in a more vivid and intuitive 
way, enhancing the awareness and influence of intangible cultural heritage. However, in 
the massive digital resources, how to help users find interesting content efficiently and 
accurately is a major challenge for intangible cultural heritage digital museums. The 
intelligent recommendation system has made remarkable achievements in e-commerce, 
social media and other fields by virtue of its personalized and accurate service charac-
teristics [1]. Therefore, applying intelligent recommendation technology to intangible 
cultural heritage digital museums is of great significance. 

The recommendation method for traditional intangible cultural heritage digital muse-
ums is a comprehensive process that involves multiple aspects such as user preference 
acquisition, exhibit information database construction, intelligent recommendation algo-
rithm application, interactive experience design, and continuous optimization and iter-
ation. These methods can effectively promote the dissemination of intangible cultural 
heritage. At this stage, the traditional recommendation methods for intangible cultural 
heritage digital museums still have certain deficiencies in the process of practical appli-
cation, which are mainly reflected in: (1) Insufficient utilization of data: the traditional 
recommendation methods often rely only on the basic information and browsing his-
tory of the user, while ignoring the user’s other behavioral data, such as search records, 
comments, likes, etc. [2]. These data are crucial for understanding users’ interests and 
preferences, therefore, the recommendation effect of traditional methods is often unsat-
isfactory. (2) Lack of personalization: traditional recommendation methods often use 
a unified recommendation strategy, without fully taking into account the personalized 
needs of users. Each user has its own unique interests and preferences, and traditional 
methods are often unable to provide personalized recommendation services [3]. (3) Lack 
of real-time: traditional recommendation methods are often based on historical data for 
recommendation, but not real-time response to changes in user interests and needs. (4) 
Lack of interactivity: traditional recommendation methods tend to recommend content 
to users in a one-way direction, but lack of interaction and feedback with users. User 
feedback on the recommendation results can help serve as valuable input to refine the 
recommendation algorithm, thereby enhancing its effectiveness and improving the over-
all recommendation experience, which is often ignored by traditional recommendation 
methods [4]. (5) Lack of cross-platform: the traditional digital museum recommendation 
method is often optimized for a single platform or device, and cannot meet the needs 
of users on different platforms or devices. To summarize, there are many shortcomings 
in the traditional digital museum recommendation methods, and it is necessary to adopt 
more advanced and intelligent recommendation methods to improve the recommendation 
effect and user satisfaction. 

As an emerging technology, deep reinforcement learning technology is rapidly devel-
oping. This technology combines representation learning ability with decision making 
ability of reinforcement learning, and combines it with deep reinforcement learning 
to achieve the goal of intelligent decision-making and adaptive learning in complex
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environments [5]. By applying deep reinforcement learning technology to the intelli-
gent recommendation of digital museums, we can make full use of the user’s historical 
behavioral data, preference information, etc., to build a more accurate and personal-
ized recommendation model. This can not only improve the accuracy and satisfaction 
of recommendation, but also help intangible cultural heritage digital museums better 
understand user needs and optimize the content layout and service strategy. Deep rein-
forcement learning, as an emerging recommendation technology, has a strong represen-
tation learning ability and decision-making ability, based on this, this paper proposes 
an intelligent recommendation method for intangible cultural heritage digital museums 
based on deep reinforcement learning. By combining explicit and implicit feedback to 
comprehensively evaluate users’ preferences for exhibits, utilizing deep neural networks 
and reinforcement learning techniques, advanced feature representations are automati-
cally extracted from users’ historical behavior data and exhibit information, capturing 
complex user behavior patterns and associations between exhibit features, and improv-
ing the intelligence and accuracy of recommendations. By utilizing the machine learning 
algorithms and data processing tools provided by Mahout, the rapid development and 
deployment of recommendation engine modules have been achieved, improving devel-
opment efficiency. At the same time, by utilizing the resources and experience of the 
open source community, the scalability and maintainability of the system have been 
enhanced. 

2 Design of Intelligent Recommendation Methods for Digital 
Museums 

2.1 User Data Collection 

User data needs to be obtained through a combination of implicit and explicit evaluations 
When a user actively gives a positive review (such as 5-star rating, like, etc.) to a cultural 
relic through the museum’s recommendation system or user interface (such as rating 
system, like button, etc.), and stays in front of a cultural relic for more than the preset 
threshold, it can be considered that the user is interested in the cultural relic. Negative 
reviews given by users through recommendation systems or user interfaces (such as 1-star 
reviews, button presses, etc.), or extremely short stays in front of a cultural relic, directly 
indicate that the user is not interested in the relic. Explicit evaluation is more direct, but 
requires frequent manual refreshing to obtain accurate recommendation results. On the 
contrary, implicit evaluation does not require frequent feedback from users, but cannot 
accurately capture their true interests. Therefore, it is necessary to combine explicit 
and implicit methods to obtain user preferences, and convert them into cultural relic 
preference scores through user access behavior. The preference score for cultural relics 
can be obtained by the following formula. 

w di , cj = θ1 
N1 

k=1 

p11 + p12e
− λ1 tk + θ2 

N2 

k=1 

p21 + p22e
− λ2 tk + θ3 

N3 

k=1 

p31 + p32e
− λ3 tk (1) 

In Eq. (1), di, cj A represents different types of cultural relics. N1 denotes the 
number of artifacts evaluated as of interest of species of the kind di, cj . N2 indicates
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the number of artifacts not evaluated. N3 indicates the number of artifacts evaluated 
as not of interest. tk indicates how long the user stays before the artifact k. θ1, θ2, θ3 
are distinguishing the contribution of different evaluations to preference ratings. λ1, 
λ2, λ3 are used to distinguish the contribution of residence time in different evaluation 
scenarios. p11, p12, p21, p22, p31, p32 are used to regulate the effect of the total number 
of artifacts viewed in the same category and the length of stay on the preference scores. 
From the preference scores of the various categories of artifacts, a vector of interest in 
the user’s tour history can be obtained: 

Vector(preference) = {((d1, c1), w1), ((d1, c2), w2), ..., ((dl, cn), wm)} (2) 

In Eq. (2), wm denotes preference ratings for species of the kind (dl, cn). m indicates 
the number of artifacts visited by the user. Through the above process, user preferences 
are obtained. 

2.2 Collection of Information on Museum Exhibits 

The core of the deep reinforcement learning-based intelligent recommendation method 
for intangible cultural heritage digital museums is to use deep reinforcement learning 
technology to provide personalized exhibit recommendations based on users’ interests 
and behaviors. In order to realize this goal, it is necessary to collect museum exhibit 
information first. Determine the type of exhibit information to be collected, such as name, 
age, material, size, source, historical background, cultural value and so on. According to 
the actual situation of the museum, determine the scope of exhibits that need to collect 
information, including permanent exhibits, temporary exhibits, special exhibits, etc. [6]. 
According to the collection requirements, design a detailed exhibit information collection 
form to ensure the completeness and accuracy of the information. Assign the collection 
tasks to professional information collectors or volunteers, and clarify their respective 
responsibilities and division of labor. The information collectors go to the museum site 
and conduct field surveys of the exhibits to understand the actual situation of the exhibits 
and the display environment. According to the information collection form, record the 
basic information of the exhibits one by one, such as name, age, material, etc. [7]. To 
capture photos and videos, utilize either professional cameras or cell phones for high-
quality results of the exhibits for subsequent digital processing and analysis. On this 
basis, obtain detailed information on the historical background and cultural value of the 
exhibits by consulting relevant books, journals, theses and other literature. Invite museum 
experts or staff to conduct interviews to obtain their evaluation and interpretation of the 
exhibits. Organize the collected information about the exhibits to ensure the accuracy 
and consistency of the data. Check the organized information to ensure that it is correct 
and then enter it into the database or system. According to the type and characteristics 
of exhibit information, design a reasonable database structure for subsequent query and 
analysis, as shown in Table 1. 

This database table covers the basic information of exhibits, description, display 
status, location, and the path to multimedia materials (pictures and videos). At the same 
time, it also records the entry and update time of exhibits, which is convenient for subse-
quent data management and maintenance. In practical application, fields can be added,
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Table 1. Database table of museum exhibits 

Field name Data type Field description 

Id INT PRIMARY KEY 
AUTO_INCREMENT 

Exhibit unique identification ID 
(primary key, automatic growth) 

Name VARCHAR(255) Exhibit name 

Era VARCHAR(255) The exhibits belong to an era or 
period 

Material VARCHAR(255) Material of exhibits 

Dimensions VARCHAR(255) Exhibit size 

Origin VARCHAR(255) The source of the exhibit or the site 
of the excavation 

Description TEXT Exhibit description 

Cultural_value TEXT The cultural value or significance 
of the exhibits 

Exhibition_status ENUM(‘permanent’, ‘temporary’, 
‘special’) 

Display status 

Location VARCHAR(255) The location or room number of the 
exhibit in the museum 

Image_path VARCHAR(255) The path or URL of the exhibit 
picture 

video_path VARCHAR(255) The path or URL of the exhibit 
video 

created_at TIMESTAMP DEFAULT 
CURRENT_TIMESTAMP 

Exhibit information entry time 

updated_at TIMESTAMP DEFAULT 
CURRENT_TIMESTAMP ON 
UPDATE 
CURRENT_TIMESTAMP 

Exhibit information update time 

deleted or adjusted according to the specific needs of the museum and the characteristics 
of the exhibits. In addition, the database table can be indexed and optimized as needed 
to improve query efficiency. 

2.3 Deep Reinforcement Learning-Based Learning of User Behavior and Exhibit 
Information Representation 

Deep reinforcement learning-based characterization learning of user behavior and 
exhibit information is a complex process that combines deep learning and reinforcement 
learning techniques, aiming to extract useful features from user behavior and exhibit 
information for better exhibit recommendation. First, user behavior data is cleaned to 
remove duplicated. The collected exhibit information is integrated, including basic infor-
mation, descriptions, pictures, videos, etc., to form a complete exhibit information dataset
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[8]. Convert the cleaned and integrated data into a format suitable for deep learning and 
reinforcement learning models. Extract key features from user behavior data, such as 
user’s browsing history, click records, dwell time, etc., which reflect user’s interests and 
preferences. Extract features from exhibit information using natural language process-
ing, image recognition and other technologies, such as text descriptions of exhibits, key 
elements in pictures, and so on. Using the deep learning model [9], the user behavior 
and exhibit information are characterized and learned, and the raw data are converted 
into low-dimensional vector representations for subsequent reinforcement learning. 

According to the characterization of user behavior and exhibit information, construct 
the state space, which should have a good effect on reflecting user usage and exhibition 
features.. Define the action space, i.e., the set of recommended actions that the model can 
choose, such as recommending specific exhibits or combinations of exhibits. Design an 
appropriate reward function to evaluate the effect of the model’s recommended actions. 
The reward function should reflect the user’s satisfaction and interest in the recommended 
exhibits. On this basis, set the initial parameters for the deep reinforcement learning 
model, including the weights and biases of the neural network. The model parameters are 
updated by learning from user behavior in an iterative manner. In each iteration step, the 
model selects the recommended action according to the current state, observes the user 
feedback and calculates the reward, and then updates the model parameters according to 
the reward [10, 11]. During the training process, the model is evaluated periodically to 
check its recommendation effect. According to the evaluation results, the parameters and 
structure of the model have been fine-tuned to enhance its overall performance. As user 
behavior data accumulates, the model undergoes periodic retraining to accommodate 
shifts in user interests and the incorporation of fresh exhibition information, ensuring its 
continued relevance and accuracy. 

2.4 Design of Intelligent Recommendation Algorithm for Digital Museum Based 
on ItemCF 

After the above in-depth reinforcement learning based user behavior and exhibition 
information representation learning is completed, on this basis, use ItemCF to design an 
intelligent recommendation algorithm for intangible cultural heritage digital museums. 
The ItemmCF algorithm mainly has three steps: first, the system obtains user behavior 
data and constructs a user project evaluation matrix. Then calculate the similarity between 
items and other items in the matrix to obtain a set of similar items. Then, the project is 
scored and predicted by the weighted sum of the project scores and similarity. After all 
the project scores are obtained, TOP-N items are selected to recommend users according 
to the order of the predicted scores from high to low. The flow of ItemnCF algorithm is 
shown in Fig. 1. 

User behavior data mainly includes user history browsing data, user ratings on items, 
purchase records, like records, forwarding records, etc. The system usually uses implicit 
or explicit methods to obtain user behavior data. The system usually uses implicit or 
explicit way to obtain user behavior data, explicit way refers to the user’s active and 
clear preference for the project, which is usually obtained through the scoring of the 
project. Implicit feedback behavior refers to those behaviors that do not clearly reflect 
user preferences. For example, page visits, clicks, purchases, likes, shares and so on.
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Fig. 1. ItemnCF algorithm flow 

The second step is to calculate the similarity of the scores of the two items, and 
record the score matrix of each item as a vector. Calculate the score similarity of two 
items, that is, calculate the similarity between two vectors. The scoring matrix of the 
two items a and b is represented as i and j, respectively. Their similarity can be defined 
as follows. 

(1) Cosine similarity is determined by computing the cosine of the angle between 
two vectors. The precise calculation process involves the following steps: 

sim(i, j) = 
u⊂Ui∩Uj 

ru,i × ru,j 

u⊂Ui 

r2 u,i 
u⊂Uj 

r2 u,j 

(3) 

In Eq. (3), ru,i, ru,j indicate the ratings of item u for items i and j, respectively. 
(2) Modified cosine similarity: cosine similarity calculates the magnitude of the 

cosine value of the angle formed between two vectors, emphasizing the directional 
difference between the two vectors, without considering the user’s specific rating of the 
item. For example, two users X and Y with the ratings of the two items are (1,2) and (4,5) 
respectively, and the similarity calculated by using the cosine similarity is 0.98, which 
indicates that the two items exhibit a high degree of similarity, and the two rating vectors 
are basically consistent in terms of direction. However, from the actual scores, it can be 
seen that X rated both programs are very low, considered as disliking both programs, 
but Y seems to like it very much, this will get the opposite result. Therefore, not only the 
direction of the vector should be considered, but also the specific ratings should be taken 
into account. The modified cosine similarity algorithm takes this problem into account
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and adds the average of the user ratings of all items to adjust the bias. The following 
formula shows the modified cosine similarity algorithm. 

sim(i, j) = u⊂Ui∩Uj 

ru,i − ri ru,j − rj 

u⊂Ui 

ru,i − ri 
2 

u⊂Uj 

ru,j − rj 
2 

(4) 

In Eq. (4), ri, rj represent the mean of all user ratings of user u for items i and j, 
respectively. 

Due to the increase in the amount of data in the digital museum, the traditional 
algorithm time complexity and space complexity is extremely high, while the model-
based collaborative filtering algorithm utilizes the technology of artificial intelligence 
and data mining, using an offline approach, first train a predictive model, and then 
use the predictive model to recommend the project. There are three main steps in this 
process: first use sampling, dimensionality reduction computation for data preprocessing, 
and then through prediction or clustering algorithms to derive a predictive model, and 
ultimately can be recommended for the user’s project. 

2.5 The Design of the Intelligent Recommendation Engine Module for Digital 
Museums 

The recommendation engine module serves as the central component of the intelligent 
recommendation system of the entire intangible cultural heritage digital museum. Using 
Mahout open source data mining tool library, the user-based collaborative filtering par-
allel algorithm is utilized to generate top-N recommendations, for the target audience 
against the audience exhibit matrix; K-means clustering algorithm is used to cluster the 
audience, and the target audience’s class is obtained. The intelligent recommendation 
engine module of digital museum is shown in Fig. 2. 

In order to increase the diversity of digital museum intelligent recommendation 
and better serve the users, the following four recommendation functions are designed: 
hot collection recommendation, recommendation by category, similar collection recom-
mendation, and guess your favorite. The intelligent recommendation function of digital 
museum is shown in Fig. 3. 

As shown in Fig. 3, (1) Recommended hot collections. Read the collections ranked 
according to the number of hits from the database, select the top 10 collections to recom-
mend to users, and use the content based recommendation method. (2) Recommended by 
category. Read the collections that the user has browsed from the user’s cookie to obtain 
the user’s preferences, select four categories from the user’s recent browsing, and then 
select the hot collections of this category from the database by category to recommend to 
the user, using the demographic based recommendation method. (3) Recommended for 
similar collections. First, get the first five collections recently browsed, and then recom-
mend similar collections based on these five collections. Read and select the collections 
similar to the collections from the similarity table, and then select the top four collections 
as similar collections for recommendation according to the similarity ranking, using the 
content based recommendation method. (4) Guess you like it. When a user clicks on a
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Fig. 2. Intelligent recommendation engine module for intangible cultural heritage digital muse-
ums 
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Fig. 3. Intelligent recommendation function of the digital museum 

collection, the keywords of the collection will be recorded in the database. If a collection 
also contains this keyword, the number of visits to this keyword in the database will be 
increased by 1, and the keywords with the highest number of visits will be selected. 
These keywords can represent the user’s interests. Then select all collections containing 
these keywords from the inverted file, sort the number of keywords contained in these 
collections, select collections containing keywords to recommend to users, and use the 
collaborative filtering method based on items. 

3 Test Analysis 

3.1 Test Preparation 

From the registered users of the digital museum, users were selected who had visited the 
museum at least three times in the last six months and had viewed at least five exhibits 
on each visit. This selection ensured that there was an active user base with some interest
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in the museum content. A total of 1200 users were selected as sample subjects for the 
experiment. These users are the group of users who are active in the digital museum and 
have continuous interest in the museum content. The user characteristics are shown in 
Table 2. 

Table 2. User characteristics 

User characteristics Specify 

Age distribution Users range in age from 18 to 65, with 25–45 year olds making up 
the largest proportion at around 65%. Users aged 18–24 accounted 
for 15%, 46–55 users accounted for 12%, and 56 and older users 
accounted for 8% 

Sex ratio 52% of users are male and 48% are female 

Occupational distribution This includes students (22%), educators (18%), corporate 
employees (25%), freelancers (15%), retirees (10%) and others 
(10%) 

Educational level The education level of users is mainly undergraduate and master’s 
degree, accounting for 40% and 30% respectively. High school 
degree or less accounted for 15%, doctoral degree or above 10%, 
and college degree 5% 

Geographical position Users come from different cities and regions, covering the main 
visitor groups of the digital museum. Among them, users from big 
cities accounted for 45%, small and medium-sized cities accounted 
for 35%, and towns and rural areas accounted for 20% 

Digital museum activity In the past six months, the average number of visits was 8, and the 
average number of exhibits viewed per visit was 12 

Interactive behavior Users interact with the digital museum by browsing, searching, 
liking and commenting. Among them, 90% of users have searched, 
and 75% of users have liked or commented on at least one exhibit 

With the above number of users and characterization, a representative and diverse 
dataset was provided to ensure the accuracy and reliability of the experiment. 1200 active 
users were selected from the registered users of the digital museum as experimental 
samples. These users have visited the museum at least three times in the past six months 
and have viewed at least five exhibits per visit, demonstrating a high level of interest 
and sustained engagement with the museum’s content. The age range of users is from 
18 to 65 years old, with the highest proportion of users in the 25–45 age group, reaching 
65%, indicating a special interest in digital museum content among this age group. 15% 
of users are aged 18–24, 12% are aged 46–55, and 8% are aged 56 and above. The 
proportion of male and female users is similar, with male users accounting for 52% 
and female users accounting for 48%. 150 exhibits covering different historical periods, 
cultural backgrounds and genres were selected from the museum’s exhibit library. These 
exhibits include paintings, sculptures, artifacts, photographs, and other forms. In order 
to ensure the impartiality of the recommendations, exhibits with a medium level of
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popularity, i.e., neither the most popular nor the least visited exhibits, were selected. Each 
exhibit received between 500 and 2,000 visits. Each exhibit was tagged with multiple 
labels, such as artistic style, historical period, cultural background, etc., so that the model 
could understand and categorize the characteristics of the exhibits. The collected user 
and exhibit data were cleaned to remove duplicates, errors or incomplete data. 

This experiment uses the deep learning framework TensorFlow and the reinforce-
ment learning library RLlib, and runs on a server equipped with Intel Core i9 processor, 
32GB memory and NVIDIA GeForce RTX 3090 graphics card. The operating system of 
the server is Ubuntu 20.04, and Python 3.8 is used as the programming language. First, 
we preprocess the user’s browsing history, search records, reviews and comments, and 
extract the user’s interest preferences and behavior characteristics. Then, these data were 
divided into training and testing sets in an 8:2 ratio, seamlessly integrating convolutional 
neural networks (CNN) and recurrent neural networks (RNN). During the training pro-
cess, the learning rate of the Adam optimizer was 0.001, the batch size was 32, and an 
early stopping strategy was adopted. When the loss function on the validation set does 
not decrease for five consecutive periods, the training will terminate prematurely. After 
the model training is completed, evaluate the model using the test set. For each user, a 
recommendation list is generated according to their interest characteristics and exhibits 
content characteristics. The length of the recommended list is adjusted according to the 
user’s activeness. The recommended list of users with high activeness is longer, and vice 
versa. 

3.2 Analysis of Results 

In order to evaluate the effectiveness of an intelligent recommendation method for 
intangible cultural heritage digital museums based on deep reinforcement learning, the 
following comparison metrics were chosen. 

(1) Accuracy P: Measures the proportion of exhibits in the recommended list that 
are of genuine interest to the user, using the following formula: 

P = 
Mg 

Mz 
× 100% (5) 

In Eq. (5), Mg indicates the number of exhibits that are of real interest to the user. 
Mz indicates the number of exhibits in the recommended list. 

(2) Recall R: Measures the proportion of all exhibits of interest to users that are 
recommended, using the following formula: 

R = 
Mg 

Ms 
× 100% (6) 

In Eq. (6), Ms indicates the number of all exhibits of interest to the user. 
(3) F1 Score: the overall performance of the recommended method is comprehen-

sively evaluated by taking into account the harmonic average of accuracy and recall rate. 
The formula is as follows: 

F1 = 2 × 
P × R 
P + R 

(7)
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Data is extracted from the user and exhibit database of the digital museum, and 
preprocessed and standardized. Choose to compare the proposed intelligent recommen-
dation method for digital museums, which is based on deep reinforcement learning in this 
paper with two conventional digital museum recommendation methods. Three methods 
are used to generate recommendation lists for users. According to the experimental com-
parison index, calculate the accuracy, recall and F1 scores of the two methods. Compare 
the performance of the three methods on various indicators, and the results are shown 
in Fig. 4. 
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Fig. 4. Comparative results of recommendation accuracy of intangible cultural heritage digital 
museums 

By analyzing Figs. 4, 5, and 6, it can be seen that the P-value, R-value, and F1 
Score values of Convention method 1 and Convention method 2 are 92.8% and 93.2%, 
92.5% and 92.1%, and 92.7% and 93.6%, respectively. The P-value, R-value, and F1 
Score values of the Textual method are as high as 98.3%, 98.2%, and 98.5%. From 
the above comparison results, it can be seen that the digital museum intelligent rec-
ommendation method, which is grounded in deep reinforcement learning, surpasses 
traditional approaches in terms of accuracy, recall rate, F1 score, and other evaluation 
metrics. Which indicates that this method can more accurately capture users’ interest 
preferences, generate more personalized recommendation lists for users, and improve 
users’ overall experience and satisfaction with intangible cultural heritage digital muse-
ums. In conclusion, this intelligent recommendation method is of great significance for 
improving the user experience and service quality of intangible cultural heritage digital 
museums.
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Fig. 5. Comparative results of recommended recall rates for intangible cultural heritage digital 
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Fig. 6. Comparison results of F1 scores recommended by intangible cultural heritage digital 
museums 

4 Conclusion 

As a platform integrating massive historical and cultural heritage and modern scientific 
and technological achievements, the diversity and complexity of information in intangi-
ble cultural heritage digital museums put forward high requirements for recommendation 
systems. Traditional recommendation algorithms are often difficult to cope with such 
complex scenarios, while deep reinforcement learning provides a new way of solving the 
problem with its powerful representation learning ability and adaptive decision-making 
ability. A deep reinforcement learning-based intelligent recommendation method for dig-
ital museums is proposed, which brings unprecedented innovation to the contemporary
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digital cultural experience. In the exploration and practice of this research, the complex 
information architecture and user needs of intangible cultural heritage digital museums 
are deeply analyzed, and an efficient and accurate intelligent recommendation method is 
designed by combining the advantages of deep reinforcement learning technology. By 
constructing a deep neural network to extract the potential connection between users and 
exhibits, and combining with the decision-making process of reinforcement learning, it 
realizes the accurate capture of user interests and personalized recommendation. This 
not only enhances the browsing experience of users, but also fosters innovation within 
the platform of digital museum service mode. To provide reference for the protection and 
inheritance of intangible cultural heritage by local governments and cultural institutions 
in Henan, actively promote the digital protection and dissemination of intangible cultural 
heritage, strengthen cooperation with universities, scientific research institutions, etc., 
jointly carry out research and development of intangible cultural heritage, and provide 
strong policy support and cooperation opportunities for AIGC to empower local digital 
intangible cultural heritage museums in Henan. 

Acknowledgement. 2024 Henan Province Key R&D and Promotion Special Project (Science and 
Technology Research): “digital intelligence +”, AIGC empowers Henan local digital intangible 
cultural heritage museum to research innovative technologies (242102320297). 
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0　引言
2018年9月26日，中共中央、国务院印发《国家乡村振兴

战略规划（2018—2022年）》其中明确指出应对村落空间与环

境进行全方位保护，适度开发与统筹保护利用村落特色资源，

发展乡村旅游等，实现传统村落的振兴目标[1]。2020年 12月

中央农村工作会议上，习近平总书记讲到乡村不仅要塑形，更

要铸魂。农村精神文明建设是滋润人心、德化人心、凝聚人心

的工作，要绵绵用力，下足功夫[2]。中共中央、国务院印发的

《乡村全面振兴规划（2024—2027年）》明确提出“加强传统村

落保护传承”“培育壮大乡村文化产业”，要求通过文化空间重

构实现“以文塑旅、以旅彰文”的融合目标，并强调科技赋能、

功能活化等路径[3]。同时自然资源部与中央农村工作领导小

组联合发布的《关于学习运用“千万工程”经验提高村庄规划

编制质量和实效的通知》明确提出，需严守“历史文化保护

线”，将古戏台等文化遗产的保护要求纳入村庄规划，并强化

风貌管控以防止“千村一面”[4]。正因农村受城镇化发展、文化

衰落、旅游资源开发不当等因素影响，传统村落受到冲击，保

护与发展迫在眉睫。而戏台作为集文化、宣传、娱乐功能于一

体的空间，是更具先行重塑可能的核心空间。

传统村落戏台是村民们日常活动交流的场所，是展现村

容村貌、村中文化的场所。是乡村文化生态系统的核心节点，

其价值远超物理空间的范畴，是举办各种表演和庆典活动的

主要场所，本质上是以戏曲展演为媒介的乡土文化基因库，也

是传承文化的重要载体之一。以戏台空间为中心，乡村进行

各种形式的文化活动，包括戏曲表演、歌舞演出、节日庆祝等。

通过这些活动，乡村文化得以生动展示，也能更好地吸引游

客，推动乡村旅游业的发展。

1　乡村空间研究现状
在传统村落空间保护与发展研究方面，麻勇恒[5]认为传统

村落文化遗产的消失是因农业秩序紊乱。Attila Korompai
等[6]认为乡村公共空间是处于动态发展的过程中，应增加村子

的包容性，并且倡导村民参与规划设计之中。王筱卉[7]同样认

为乡村空间设计伦理的实现需通过多向度地“承认差异”以形

成“乡村空间设计共同体”。周锦和赵正玉[8]分析了江苏、四

川、山东与浙江文化保护方面的发展模式，认为在乡村振兴战

略背景下，文化建设起到至关重要的作用。殷黎黎和李佳芯[9]

从原有肌理和特色入手进行物质空间的重塑和社会文化的传

承。段芳[10]对陕西传统村落张峰村现状问题进行分析，提出

传统村落不仅对物质实体进行保留，还要对非物质文化进行

保护。杨俊等[11]对传统乡村景观中乡愁的形成进行分析，提

出在乡村振兴时代背景下，少数民族村落保护建设应注重文

化要素的挖掘，赋予乡建持久生命力。牟婷[12]在对苏州古村

落传统空间进行分析时，发现人的日常生活在传统空间中被

视为重要的参考因素。雷桂萍[13]认为传统村落戏台空间的重

塑需以村民需求为核心，构建多方参与的协同机制。邢妍

等[14]认为，在改造戏台空间时，应考虑保留或优化传统的功能

分区，明确前台与后台的布局，同时根据实际需求选择全开敞

或半开敞的形式，以提升空间的灵活性和观赏性。同时不仅

要保护传统建筑形式和文化内涵，还应结合现代需求进行创

新，例如引入现代技术、增加互动性功能，使其更适应现代使

用场景，并且应注重提升观众的体验感，通过优化观众席布

局、增加互动性展示等方式，增强观众与空间的互动性。

目前已有研究多是以实现设计管理和项目实践为目的，

在人的活动轨迹需求前提下进行的改造设计。侧重以空间物

质属性、游客需求、村民需求作为主要研究的出发点，对物质

空间与非物质空间进行设计和策略指引。此外，，对文化传承

问题解决过于表象，未能结合空间随时间变化、村子空心化、

空间的文化载体等问题进行分析。同时在对现今乡村发展过

程中，多数研究放弃文化内生性，使其研究出现对保护和发展

失衡的状态。基于此，本文以其研究为基础，对乡村戏台空间

“塑形”与“铸魂”的重塑作出策略原则及指引。

2　焦作市传统村落调研分析
焦作市位于太行山与河南省北部平原的过渡地带，从北
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摘　要：乡村戏台空间是村民交往的重要场所，也是传统村落传承乡土文化的重要空间，在传统村落中扮演着至关重要的角色。随着乡村振兴

战略的推进，传统村落内戏台空间不能满足社会发展需求的问题日益凸显。根据调研数据发现，其存在功能与需求脱节、使用频次过低、周边生

态缺失等问题。文章基于这些问题，紧扣乡村振兴战略导向，从“塑形”与“铸魂”的角度，提出重塑传统村落公共空间的原则，并提出相应的重塑

策略。

关键词：乡村振兴；戏台空间；塑形；铸魂
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部山区到南部平原，地形逐渐变化，山地地形复杂。中部为丘

陵地带，分布在山区外侧，是山区和平原的过渡区域，该地区

大部分耕地呈梯田状。南部大部分地域为山前冲积洪积平

原。该地区土壤肥沃，地势平坦，灌溉便利。怀川地区有丰富

的山水资源，人文与自然相互渗透。拥有民间舞蹈、草编和根

雕等非物质文化遗产，是地方文化的重要组成部分。焦作市

传统村落分布较为集中，规模较大。全市总人口345万人（其

中焦作市区人口 80万人），全市非农业人口占 30.3%，农业人

口占69.7%。

本文随机选择东交口村、小董村、寨卜昌村、万花村、武阁

寨村、赵寨村、北朱村、柏山村、北西尚村、苏家作村、十二会

村、下伏头村、许湾村、莫沟村及双庙村进行研究。在选定的

15个传统村落内发放了 311份调查问卷，排除信息填写不完

整或表示不常在此活动的受访者，最终获得了 303份有效问

卷，有效问卷率为 97.4%。调查问卷中戏台空间使用情

况（图1）。

图1 焦作市传统村落戏台使用占比图（图片来源：作者自绘）

根据图 1可以看出，戏台空间的使用频率极低，最高的下

伏头村仅为 27.68%，而十二会村、许湾村、万户村、北朱村及

东交口村的使用频率甚至为0。

图2 乡村戏台空间现状图（图片来源：作者拍摄）

在调研过程中发现，拥有戏台的村子（图 2、图 3），虽然部

分村子戏台空间较为整洁，但戏台空间使用人数依旧很少。

戏台及戏台前方的空间大多闲置，或被车辆占用成为临时停

车场。通过沟通了解到，村子内戏台空间主要在节日期间使

用，通常由村民委员会出资邀请戏班进行表演，其余时间基本

闲置。更有甚者，因村内资金不足导致戏台空间功能丧失。

2.1戏台空间问题分析

2.1.1文化断层空间失语

在调研过程中发现，15个村子的戏台空间文化方面具有

如下三个问题。其一，文化传承缺失。戏台作为历史与生活

的物质载体，在改造过程中常因缺乏对传统文化的系统性保

护而被拆除重建，导致其传统特色与历史风貌消失，形态趋于

单一化。与南方部分传统村落不同，焦作传统村落戏台空间

改造过程常常缺乏对传统文化的保护和传承，甚至会拆除重

建，导致戏台空间失去了原有的传统特色和历史风貌。其二，

文化记忆与历史特征被忽视。城市化浪潮下，经济至上思维

冲击乡村，新建或改造的戏台空间摒弃本土特色，使原本承载

乡愁记忆的物质空间失去地域韵味，村民共同记忆的结晶媒

介逐渐瓦解。乡愁本是故乡空间、时间、人营造的记忆。但改

造或新建的建筑抛弃了本土特色，使原本具有乡土气息的空

间失去了韵味与地域记忆。传承主体与保护意识薄弱，村民

受城市生活方式影响，对传统文化、民风民俗的保护意识不

足，加之村落“空心化”“老龄化”问题突出[15]，青年人口外流致

使传承主体缺失，传统技艺、宗教信仰、民风民俗、服饰等文化

要素加速消亡，村落文化格局失序。

2.1.2绿脉崩解生态失语

传统村落戏台空间正面临生态功能退化与人文价值流失

的双重困境。调研发现戏台周边普遍存在过度硬化的现象，

大量水泥地面取代了自然植被，部分村落甚至完全缺失绿化，

导致生态系统服务功能弱化。乡村旅游开发中片面追求商业

效益，忽视生态承载力，密集的人流、车流加剧了土壤板结、噪

声污染等问题。同时，村民与游客的生态保护意识薄弱，随意

丢弃垃圾、破坏植被等行为屡见不鲜。少数保留绿化的戏台

空间景观设计也流于形式，简单的水泥铺装、低品质绿化与村

落风貌格格不入，既缺乏传统智慧营造的地域特色，又难以满

足现代审美需求，形成“生态缺位—文化失语”的恶性循环。

2.1.3功能蛰伏价值隐匿

传统村落戏台空间作为村民社会交往、文化传承与日常

生活的复合载体，其多功能属性正面临系统性退化。以焦作

市为例，武阁寨村戏台因面积狭小、年久失修或为闲置空间。

双庙村戏台被车辆占为临时停车场，凸显经济薄弱村落对空

间维护的无力。乡村建设中，部分规划片面追求“指标化”成

果，将戏台窄化为节庆表演的“仪式性场所”，忽视村民日常休

憩、代际交流的真实需求。空间布局上，戏台常被置于村口或

村民委员会周边等可达性较差的“隐蔽角落”，割裂了与传统

民居、古井、风水林等要素的共生关系。尽管村落拥有独特的

图3 乡村戏台空间现状图（图片来源：作者拍摄）
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自然与人文资源，但受限于资金短缺与专业人才匮乏，戏台修

复常陷入“仿古式改造”误区，新建设施亦难与地域文脉融合，

导致文化资源价值难以释放。

戏台空间的基础设施与服务功能短板进一步加剧其活力

衰退。调研显示，多数村落缺乏垃圾收集点与污水处理系统，

戏台周边垃圾随意堆放现象普遍，严重破坏空间环境。公共

服务设施配置失衡问题尤为突出：照明缺失导致夜间使用率

骤降；停车无序侵占活动场地；休憩座椅、凉亭、健身器材等基

础设施空白，难以满足老年群体倚靠闲聊、游客驻足休憩等多

元需求。此外，文化展示设施的缺位使戏台或为“无故事的舞

台”，既未通过解说牌、景观小品传递村落历史，也未与周边古

树、碑刻等遗产形成叙事联动。这种“重空间实体、轻功能内

涵”的建设模式，暴露了传统村落更新中“以人为本”理念的实

践偏离。

3　重塑案例分析与原则构建
3.1以人为本原则

传统村落戏台空间的重塑需以村民需求为核心，构建多

方参与的协同机制。例如湖北省麻城市通过召开 6300余场

群众会收集 1.6万条建议，形成“村民提需求—专家出方案—

政府抓落实”的决策链条，这种参与式设计模式有效保障了老

年群体的休憩设施、儿童活动区的规划落地。传统村落戏台

空间作为村民交流、集会、休闲、娱乐等多样需求的承载空间，

其形成是在村民生活行为需求长时间作用下自主生成的。焦

作市当前戏台空间普遍存在戏台下车辆乱停，戏台上卫生差、

无人管理等问题，使戏台丧失了日常为村民服务的功能。因

此，村民作为戏台空间的主要使用者，在戏台空间的建设中应

坚持“以人为本”原则。

3.2有机更新原则

在空间更新过程中，需兼顾传统基因保护与现代功能迭

代。福建省永泰县将废弃水电站改造为乡村书店，江苏省昆

山市砖窑变身博物馆，这些案例展现了“修旧如旧、功能再生”

的有机更新逻辑。山东济南章丘区通过村史馆建设，在戏台

地面铺装中嵌入历史事件浮雕，使空间成为“可触摸的时光档

案”。村落中的戏台空间是伴随着乡村发展和公共生活自然

形成的空间累加，它不仅承载着村民对时间的印记和生活的

记忆，保护和延续物质空间形态更是营造具有场所精神的空

间形态的重要手段[16]。焦作市在当前乡村戏台空间更新过程

中，以现代化戏台形式进行建设，忽略了戏台历史、戏台文化

对村民内在的文化传承及文化符号意义，应将戏台这种“形制

保护—记忆再现—功能活化”的递进策略，让戏台在动态更新

中延续文化血脉。

3.3整体统一原则

戏台空间的重塑必须置于村落整体格局中统筹谋划。河

北省井陉县以太行公路串联 29个传统村落，形成“戏台—古

井—风水林”文化廊道，这种全域协同模式打破空间孤岛效

应。对此，村落戏台空间特色营造应与村落整体相统一。传

统村落自身就是一个原生的有机整体，物质文化空间为基础

与容器，产业物质空间是内核，村民精神空间是灵魂，任何一

方面都不可忽视。戏台空间的特色营造不能脱离村落的整体

空间。同时，需要站在全局角度梳理村落中各个部分之间的

关系，戏台空间与其他公共空间都有着“起承转合”的关系，应

进行整体统一规划。当前，焦作市戏台空间通常以单一空间

形式出现，或者与村民委员会、村民读书会、红色综合体一体

化出现，缺乏与娱乐空间、文化空间、休憩空间等的结合，使戏

台空间在整个乡村规划设计中呈现孤岛状态。因此，戏台空

间需要与其他部分配合，形成统一协调的运作关系，才能产生

内生动力，具有自身的特色与生命力。

3.4循序渐进原则

戏台空间的特色营造是一个阶段性的、循序渐进的全周

期行为，无法做到一蹴而就。在营造过程中，不仅需要对村落

中具有价值意义的建筑和空间进行保护更新，还需要村民尽

可能全程参与，与村民进行有效交流沟通，融合村民的意愿；

同时，改造过程中应逐步引入社区居民的参与，通过分阶段的

公众咨询和社区活动，增强居民对改造项目的认同感和归属

感，使改造成果更好地服务于社区[17]。焦作市戏台空间在造

型设计及空间布局上常以领导决策来完成最终的设计效果，

失去了以村民作为核心的内生性设计方式，应在营造过程中

积累经验、反馈问题、改进方式，形成“营造—反馈—再营造—

再反馈”的营造机制。

3.5经济实用原则

若想通过推进乡村振兴使所有乡村面貌焕然一新，这是

一项极为庞大的工程，需要投入大量资金。经济可行性是戏

台活化的关键制约，需创新低成本可持续的运营模式[19]。当

前，焦作市的乡村发展依旧处于较为缓慢的阶段，资金紧张。

因此，在进行传统村落戏台空间重塑时，更应注重经济实用。

在无法花费大量资金重塑的情况下，利用旧有建筑及建筑周

边环境，通过植入展览、文娱等功能，“花最少的钱，办最多

的事”。

4　戏台空间“塑形”及“铸魂”策略
4.1“塑形”提升空间共享性

随着乡村旅游人数的逐渐增多，当地村民与外来游客在

乡村中共享、共建、共赢，以共享理念建设乡村戏台空间，满足

不同人群的需求。戏台空间可以根据开放程度分为开放式和

半开放式，通过创造多样化的戏台空间形式，激发乡村的共享

活力，促进游客与村民、游客与村落之间的友好交流。在设计

中要筛选并灵活运用当地的文化符号，例如太极拳、神农文

化、绞胎瓷，又如苏家作村龙凤灯舞、莫沟村红色基地、许湾村

石头房子，以及村子内的古井、土地庙、古道、古街等一系列具

有乡村特色，可以提升村民幸福感和归属感的器物、文化及建

筑特色。将这些文化符号有效地融入戏台空间，更好地展现

村落特色，从而建立村民的文化自信。

4.2“塑形”提高空间体验性

乡村聚落空间的身体感受与精神文化体验的削弱，通过

具体的空间特征上作适宜性的改造，以此融合整体村落空间

格局的空间结构体系，形成具有统一性的主从关系，提升空间

体验。同时，可通过周边景观营造来丰富空间层次，以多样的

景观要素组织丰富景观内容。通过对尺度、质地、形态的把控

进行多层次空间塑造，增强景观空间的游走和互动体验。此
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外，还可通过景观空间的塑造手法对乡村中具有代表性的生

活生产物件和民俗物品进行再利用与改造，例如将观赏性植

物或提升村民归属感的民俗物品放置在进入戏台空间的道路

节点处。在戏台空间内增设大量可以营造部分私密空间的绿

植作为休憩处，让戏台空间在改进过程中更具舒适性和完整

性，使乡村在整体中重新焕发新的活力，有效提升戏台空间的

实用程度，延续乡土记忆、增强景观互动性，从而提升乡村

活力。

4.3“铸魂”服务产业需求发展

随着城乡要素的融合和乡村振兴政策的推进，村落戏台

空间的服务对象已经从单一的村民扩展到了产业发展，新的

服务需求也应运而生。传统产业和现代产业进行良性互动，

从特色农副产品、特色风俗文化等方面来塑造，如展示农产

品、进行农产品宣传。同时，戏台空间也应提升数字化能力，

打造产业集聚和交流的平台，使农副产品和风俗文化通过叙

事结构、文化元素的空间形式语言表达、文化符号的三维运

用，促进村落产业的推广和宣传。例如安徽省六安市霍山县

推行“送戏进万村”，期间完成了 136场完整的庐剧。在戏台

空间升级改造中，可以利用旧有的废弃建筑和周边公共开放

空间打造展现民俗的艺坊和书吧，成为产业转型和传承村落

传统文化技艺的物质空间和精神场所。例如焦作市五里源丑

鸭非遗工坊规划设计，将废弃厂房优化改造为松花蛋工艺展

示与体验中心。村落传统产业的升级和新兴产业的出现，戏

台空间需要同样满足现代产业发展，设计师提取民俗艺术的

色彩和形式运用到空间的塑造中，以增强空间的连续性、整体

感和标志性。通过与产业的紧密结合，戏台空间可以适应新

发展背景，提升村落的活力和吸引力。

4.4“铸魂”注重“草根文化”培养 
培养“草根文化”，能有效丰富乡村文化生活，提升农民群

众的精神文化内涵，实现乡村文化创新与传承。以各团队的

发展情况为基础，设立活动经费，支持农民群众的文化艺术创

作。戏台成为学习和实践传统艺术和手工技艺的场所。如组

织传统戏曲和民歌的学习和演出，将非物质文化遗产传承融

入教育过程，增强乡村群众对本土文化的理解和认同。同时

可以利用戏台空间举办各类文化节日和活动，吸引更多群众

参与，提升他们的文化参与感和文化认同感。在新型农民的

培育过程中，戏台也可以起到重要作用。在戏台上进行农业

科技讲座、经营销售培训等，普及各类实用性强的知识，提升

农民群众的科技与文化素养。同时，戏台成为农民群众学习

和运用现代科技工具的场所，如通过戏台空间的数字化设备，

推广农广在线App和农广云上智农等现代科技应用。在鼓励

农民群众文化创作的过程中，戏台成为他们展示自我和交流

创作的舞台。无论是音乐、戏剧、故事会，还是各类艺术节，都

可以通过在戏台上展现，让更多人了解和接触到农民群众的

创作成果。

5　结束语
乡村振兴战略的全面推进落实，不仅给乡村文化建设带

来了必要的政策保障和广阔的发展平台，还带来了巨大的物

质支撑和动力支持。实现乡村文化振兴，既能引导农民群众

过上美好生活，满足日渐增长的精神文化需求，又能弥补社会

文化发展缺陷，促进社会主义文化强国建设。但从现实情况

来看，各地乡村文化却面临衰退趋势，不仅人才流失严重，相

关文化服务体系建设也比较滞后。因此，需促进文化资源整

合，不断丰富乡村文化内涵，坚决维护其生长与发展的空间；

持续加强经济建设，吸引和留住人才，针对农民群众科学文化

素养较弱的情况，不断进行培训教育；同时，加大对公共文化

服务发展的投入，始终坚持以民为本，积极回应农民文化

诉求。
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摘要：随着红色旅游的蓬勃发展，红色文化产业为乡村发展提供了精神动力与经济支撑。通过对焦作市传统村落的调研发现，引入红色文化资源对乡村

振兴意义重大，然而也存在文化传承断层、文化记忆与历史特征遭忽视等问题。基于此，针对红色资源匮乏的村落，本文提出以人为本、有机更新等原

则，以及提升红色产业空间多元化、推动村民参与治理、加强人才培养和开展跨区域合作等策略，以期借助红色文化实现乡村的全面振兴。

Abstract：With the rapid growth of red tourism, the red cultural industry has become a significant source of both spiritual motivation and economic 

support for rural development. Field investigations conducted in traditional villages in Jiaozuo reveal that the integration of red cultural resources plays 

a crucial role in advancing rural revitalization. However, challenges remain, including the disruption of cultural continuity and the neglect of historical 

memory and identity. In response, this study proposes strategies for villages lacking red resources, guided by people-oriented principles and organic 

renewal. It advocates for enhancing the spatial diversity of red industries, encouraging villagers' participation in governance, strengthening talent 

cultivation, and promoting cross-regional cooperation, with the goal of achieving holistic rural revitalization through the empowerment of red culture.

关键词：红色资源；乡村振兴；文化旅游；公共空间

Keywords：red resources；rural revitalization；cultural tourism；public space
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引言

随着现代化进程的快速推进，一些传统特色

民居遭到破坏，传统节日和民俗活动逐渐式微，

部分非物质文化遗产面临失传的风险。国务院印

发的《关于促进乡村产业振兴的指导意见》明确

了产业兴旺构成乡村振兴的关键根基，也是破解

农村各类问题的先决条件，同时还强调应推动乡

村特色文化产业迈向发展之路 [1,2]。现今乡村的红

色资源被广泛激活，青少年对红色文化的热爱与

兴趣不断增强。因此，红色文化的引入、红色旅

游的盛行以及红色产业的发展，正成为推动乡村

文化振兴的重要力量。

本文所研究的红色文化产业（后文简称红

色产业）包含三大核心领域：首先是教育研修

产业，主要涉及革命传统主题的培训课程及研

学实践；其次是文旅融合领域，主要指依托革

命历史资源的旅游开发与体验项目；最后是文

化创意产业，涵盖革命题材影视制作及相关衍

生品设计等领域。

对于红色旅游的概念，学界普遍将红色旅游

资源的思政教育价值分为两类：从教育内容角度，

充实精神层面；从教育方式角度，拓展教学形式 [3]。

单雅雯、史达认为红色旅游资源是高校诚信教育

的新阵地，是高校文化建设的好素材，是德育素

质教育的新载体 [4]。康艳琴、李乐平就发挥红色

产业的精神作用，将湖南省丰富的红色旅游资源

与大学生思想政治教育结合，增强教育实效，培

养大学生爱国情怀等问题进行了探讨 [5]。仲溪、

陈国强讨论指出红色文化为农村现代化建设提供

了精神动力和文化支撑，以及可以通过红色文化

教育提升农民的整体素养 [6]。贾金涛等阐释了在

拥有红色产业的多村，如何促进乡村振兴，如何

利用太行山东南麓地区红色旅游资源构建红色研

学旅行课程体系 [7]。曹金举分析了开封市如何通

过保护与利用红色文化资源，将红色文化融入旅

游发展，从而促进经济社会的全面发展 [8]。蒋露薇、

盘俊研究发现零陵区通过整合和优化红色旅游资

源，推动乡村振兴，实现了红色旅游与乡村经济

的协同发展 [9]。郑文文探讨了新乡市利用红色文

化资源，发挥其在政治、经济、文化、社会发展

中的价值推动乡村振兴 [10]。段恩恩、张瑞雪为提

升游客满意度和景区竞争力，通过游客感知分析

对延安宝塔山景区在红色旅游发展战略上存在的

问题进行了优化 [11]。赖继年、张柏寒分析了南京

如何借助传承红色精神发展乡村经济、推动生态

农村建设和提升乡村治理效能 [12]。

1 焦作市传统村落调研

焦作市地势渐变，由北部山地向南部平原

过渡。北部处于太行山与豫北平原的过渡地带；

中部为丘陵地带，分布在山区外侧，在该地区的

红色资源利用与乡村振兴发展的策略探究
Strategic Exploration of Utilizing Red Resources for Rural Revitalization

基金项目：2023 年度教育部人文社会科学研究项目（项目编号：23YJAZH171）
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耕地大多呈阶梯状分布；南面多是山前地带，黄

河冲击着洪积平原。境内整体地势平坦，土质肥

沃，水浇地十分便利。这里有太极拳、八极拳、

猿拳等多种武术形式。民间舞蹈也是当地重要文

化遗产组成，此外，草编、根雕等民间工艺各具

特色 [13]。焦作市传统村落分布比较集中，规模也

比较大。全市总人口 345 万人（其中焦作城区人

口 80 万人），非农业人口占 30.3%，农业人口

占 69.7%[14]。

本文选取东交口村、小董村、苏家作村、寨

卜昌村、万花村、武阁寨村、赵寨村、北朱村、

柏山村、北西尚村、苏家作村、十二会村、下伏

头村、许湾村、莫沟村及双庙村为调研对象。在

选定的 15 个传统村落中，共发放了 311 份调查

问卷，最终获得了 303 份有效问卷，有效问卷率

为 97.4%，此外还有资料填写不全或表示不常在

此活动的受访者。其中，拥有红色文化产业数量

较多（数量≥ 5）的村落为：十二会村、苏家作村、

寨卜昌村、北西尚村、许湾村、北朱村，这些村

落将在后续文章中归纳为红色文化资源丰富的村

落。相对而言，拥有文化产业数量较少（数量＜ 5）

的村落为：赵寨村、莫沟村、柏山村、万花村、

下伏头村、双庙村、小董村、东交口村及武阁寨村，

归纳为红色文化资源匮乏的村落（图 1）。

调查问卷中红色资源丰富的村落内，村民对

村落内的红色产业建设的满意度高于红色资源匮

乏的村落（图 2）。

所有村落拥有红色文化产业占总公共空间占

比，其中红色历史博物馆占比 14%；红色文化广

场占比 26%；爱国主义教育基地占比 10%；红

色历史遗址占比 6%；革命纪念馆占比 9%；红

色文化街区占比 11%；红色文化创意园区占比

7%；文创产品展览馆占比 11%；红色艺术中心

占比 6%（图 3）。

关于红色教育培训产业空间的使用情况中，

红色历史博物馆在红色资源丰富的村落中占总公

共空间的比例与红色资源匮乏的村落的比例，差

异为 13%；红色文化广场，红色资源丰富村落比

红色资源缺乏村落高 30%；爱国主义教育基地，

红色资源丰富村落比红色资源缺乏村落高 12%

（图 4）。

关于红色文旅业空间的使用情况中，拥有

红色历史遗址的数量占比上，红色资源丰富的村

落和红色资源匮乏的村落仅差 7%；而红色革命

纪念馆与红色文化街区，红色资源丰富的村落与

红色资源匮乏的村落之间的差距分别为 17% 和

34%（图 4）。

关于红色文创产业空间的使用情况中，拥有

红色文化创意园区的数量占比上，红色资源丰富

的村落比红色资源匮乏的村落高 10%，而在文

创产品展览馆方面，红色资源丰富的村落远高出

红色资源匮乏的村落 29%，且红色艺术中心也

高出 16%（图 4）。

根据以上可以看出，不同村落的红色遗址拥

有量并没有明显差异，但在红色遗址的后续开发

及资源延伸方面，尤其是革命纪念馆、红色文化

街区数量却相差较大。同时，在周边的红色文化

创意园区、文创产品、艺术中心的数量上，红色

资源较强的村落也与红色资源较弱的村落形成了

显著的差距。此类问题的根源在于村民对红色文

化产业的不认同，而这种不认同又是红色文化产

业带来的公共空间压缩以及红色空间使用率不高

所导致的。

2 红色文化产业空间现存问题

2.1 文化传承缺失

承载不同时期文化、记录不同时期历史、展

现不同时期生活的传统村落红色文化空间可成为

宝贵的文化遗产。然而，在文化革新中，对传统

文化的守护与传承常被忽视，红色文化空间因此

失去原貌与历史韵味，其承载的文化价值也随之

消散；大拆大建、项目剽窃，使一些村落的红色

文化毁于一旦；往往只注重功能性的设计，忽视

了红色文化空间的多样性与丰富性，难以满足不

同人群需求，造成了红色文化空间功能的单一性。

2.2 传承文化意识薄弱

村民是参与传统村落保护的主体。但由于传

统村落居民受教育程度不高、认知程度不高、保

护意识不强，这些珍贵的历史遗产和传统文化在

他们看来只是日常生活的一部分，缺乏明确的保

护意愿。同时，伴随城镇化进程加速，村民对本

土文化价值的认同度持续弱化，导致口传技艺、

节庆习俗等文化遗产面临存续危机。

在文化空间方面，承载历史记忆的红色遗址

与传统民居呈现出系统性衰退。在物质维度上，

工业化建材替代掩盖了传统营造技艺，同质化建

筑形态割裂了历史街巷肌理。以豫北地区为例，

电网设施与建筑垃圾严重侵蚀红色遗址风貌，宗

祠、商铺等公共空间或遭废弃或丧失原初功能，

致使场所精神加速消逝。在精神维度上，人口外

图 1　红色文化资源数量（图片来源：作者自绘）

图 2　红色文化空间村民使用满意度（图片来源：作者自绘）

图 3　不同类型红色文化产业空间占比（图片来源：作者自绘）
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流引发的空心化现象使传统民俗活动失去组织基

础，代际文化断层导致节庆仪式、手工技艺等非

物质遗产面临失传风险。

在文化传承方面，人力资本流失加剧保护困

境。青壮年群体大规模离乡务工造成村落人口结

构失衡，留守群体普遍存在文化创新乏力与保护

意识薄弱问题。专业人才储备不足致使传统建筑

修缮、民俗活动复现等保护工作缺乏技术支撑，

特色服饰等文化符号正加速退出日常生活场域。

3 红色文化产业空间“塑形”及“铸魂”策略

3.1“塑形”提升红色产业空间多元化

在乡村旅游中红色文化不仅能够丰富游客的

体验，还能够增强其文化自信和幸福感。相关地

区可以立足本地特色，打造红色品牌，建立党员

干部培训基地，设置特色课程，吸引更多单位部

门前来参观学习。在此框架下，乡村空间设计应

考虑其开放性，兼顾开放与文化传承。然后，通

过结合美丽乡村建设和新型城镇化进程，推进绿

化、美化、亮化工程，改善乡村景观环境，加快

建设主要交通干道和重点园区道路的同时，还需

完善乡村旅游的供水供应、垃圾污水处理、停车

和通信等公共服务体系。另外，在文化符号的运

用方面，需要灵活筛选和展示当地的文化特色，

树立和传达文化自信。在数字技术方面，应利用

VR 和 AR 等现代信息技术，采集、存储、提升和

展示红色文化资源，强化其交互性与体验感。同

时，还需开发与红色文化相关的旅游产品，结合

红色家乡的历史故事、革命精神与乡村民俗文化，

打造文化盛宴和体验性活动。强调乡村旅游与社

区的深度融合，通过提升基础设施、发展专用设

施及创新业态和服务，以适应市场对高质量旅游

体验的需求，从而实现与游客的互动，同时也增

强其幸福感与归属感，全面促进乡村旅游的可持

续发展。

3.2“塑形”村民委员会参与治理

乡民委员会参与治理的乡村振兴模式应该得

到进一步深化和扩展。村民可以通过自行开发与

红色文化相关的旅游产品，如革命历史体验、红

色主题教育活动等，将红色文化融入乡村的文化

旅游项目中，丰富游客的文化体验。

红色产业的发展可以通过结合本地的自然资

源和农业基础，打造以红色文化为主题的特色产

业链，如红色农产品、红色文创产品等，增强产

品的文化附加值。社区的深度参与在这一过程中

尤为重要，村民可以通过决策参与、技能培训和

经营管理，确保红色文化与本地文化资源的合理

结合和长期发展。社区共治机制确保了红色文化

和红色产业的可持续发展，村民不仅共享经济收

益，还通过文化认同感的提升，实现对文化资源

的保护与传承。

同时村民自我开发文旅项目不仅带来经济收

益，还增强了村民的文化自信与幸福感，推动了

乡村经济、文化和社会的全面振兴。

3.3“铸魂”红色文化产业的人才培养

整合和保护现有的红色文化资源，建立专业

人才队伍，如专业讲解员和研究人员，通过培训

提高他们的专业素质，使他们能够生动地传达红

色文化的深刻内涵。利用现代科技构建数据化管

理模式，提高红色文化资源的展示效果和保护水

平。与教育机构合作，将红色文化融入思政教育，

并通过短视频等新媒体平台拓宽红色文化的传播

渠道，提高其传播力和影响力。此外，强化市场

导向，结合人民群众的需求，创新红色旅游和文

化产品的展示形式，如情景剧和实景演艺，以吸

引更多游客。

结语

乡村振兴战略既给予了乡村文化建设政策保

障和广阔的发展空间，也提供了物质和动能方面

的有力支撑。红色文化作为乡村记忆的载体，更

有利于物质和内生驱动。对焦作村落的调研表明，

红色资源可带来精神引领与产业契机，其开发利

用可提升农民的生活品质，回应其精神生活诉求，

更能补足公共文化服务的短板，激活乡土文明传

承活力。但调研中也发现文化传承断裂、村民认

同弱、空间同质化等矛盾。因此，在乡村重塑设

计中应同时考量外在的“塑形”及内在“铸魂”。

空间上，构建多元、开放、可持续的红色产业生态；

治理上，通过参与式设计、共治机制和教育让文

化回归日常；人才上，形成本地培育和外部引入

双重推进。最终，以红色文化为起点，使之逐渐

成为连接过去与未来、个体与集体的纽带，使乡

村真正由内而外地全面发展。

图 4　不同类型村落的红色文化产业空间占比（图片来源：作者自绘）
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摘要：文章以位于焦作市博爱县许良镇的下伏头村为研究对象，从乡村旅游的角度对其更新策略进行详细分析。下伏头村曾是旅游胜地，但近年来面临

人口流失、生态环境恶化、旅游发展无序等诸多问题。文章通过实地调研，分析了其空间现状以及现存问题，如旅游资源未充分开发、文化冲突与失真、

环境破坏、经济不稳定及旅游形式单一等。针对这些问题，提出了乡村文化生态保护、历史文化遗产保护、生态环境保护、既有建筑更新、乡村设计优

化及物质空间重塑的更新策略，旨在通过乡村设计，推动下伏头村的可持续发展，并为类似传统村落的保护与更新提供借鉴。

Abstract：This paper takes Xiafutou Village, located in Xuliang Town, Bo'ai County, Jiaozuo, as its research subject and analyzes renewal strategies 

from the perspective of rural tourism. Once a popular tourist destination, Xiafutou Village now faces multiple challenges, such as population outflow, 

ecological degradation, and unregulated tourism development. Based on field investigations, the paper examines the current spatial conditions and 

identifies problems including underdeveloped tourism resources, cultural conflicts and distortion, environmental deterioration, economic instability, 

and a lack of diversity in tourism offerings. In response, the paper proposes renewal strategies focused on safeguarding the rural cultural and 

ecological environment, preserving historic and cultural heritage, protecting the ecosystem, renovating existing buildings, optimizing rural design, and 

restructuring the physical space. The aim is to promote the sustainable development of Xiafutou Village through rural design and provide a reference 

for the conservation and renewal of similar traditional villages.
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引言

随着农业政策的持续推进。当代村民不仅

在物质层面寻求满足，还越发重视丰富精神生

活。在 2025 年中共中央、国务院印发的《乡村

全面振兴规划（2024—2027 年）》中，明确提

出有序发展农事体验等新业态，探索现代农业、

休闲旅游、田园社区融合发展方式，大力开展

休闲旅游业、乡村服务业 [1]。旅游开发对传统

村落的村落经济、建筑风貌、传统文化、公共

空间、居住环境和产业用地都产生了多方面的

影响。旅游开发促使当地意识到保护的必要性，

提高了居民的经济收益，同时也改变了产业结

构，增加了维护村庄景观的难度 [2-4]。

如今，一些拥有丰富资源的传统村落在发

展旅游方面同样存在盲目性，未能妥善协调村

落发展、文化保护与居民生活之间的关系 [5,6]。

同时，乡村规划过于注重整体，而使得乡村居

民的行为、经济生态以及空间与景观之间的相

互关系被忽略 [7]。乡村设计规划应注重实用性，

确保规划方案能够落地实施并且在规划上应注

重业态设计，结合地方文化和历史记忆，打造

具有特色的民俗体验街区 [8,9]。这种规划有助于

提升乡村的文化吸引力和经济活力 [10,11]。关美

花等认为乡村旅游业和特色农业的发展，也可

以带动观光农业的迅速壮大 [12]。高洪波等人强

调了乡村设计规划的复杂性和重要性，指出在

进行乡村设计规划时，必须避免功利主义，注

重文化的保护和传承 [13]。

目前的研究表明，由于政策法规落后和资

金短缺，村落保护项目通常会遇到阻碍。过于

重视对物质空间的修复，却忽略了村民的需求，

造成了保护措施与居民生活的分离。规划设计

缺乏整体思考，未能有效协调生态保护、文化

传承与现代功能，导致空间功能冲突或仅将遗

产作象征性利用。因此，本文以下伏头村为例，

分析其旅游规划面临的问题，并利用设计原则

及策略进行可持续发展规划。

1 调研对象分析

1.1 村子现状分析

下伏头村位于河南省焦作市博爱县许良镇。

该地区土地平坦开阔，分布有成片的桑树林和

竹林，村内有千年古槐树，还有石壁雕刻。周

边有青天河、月山寺、九渡沟等旅游景点，多

部影视剧曾在此取景拍摄。这使下伏头村具备

了成为网红打卡地的基础。近年来，村庄面临

着人口不断流失的问题。同时，由于丹河上游

大型水库的拦截及沿线村庄过度汲取水资源，

下游河道水量锐减，进一步恶化了当地的生态

状况。

山上的老村顺应地势，道路随山势蜿蜒而

行，曲折多变。村庄内的建筑多为木材与石材

混合而成，错落有致。拥有八种传统建筑类型

和四种院落形制，形成具有地域文化特质的乡

土景观。山下新村道路笔直，房屋有序，建筑

以砖混结构为主，具有平原村落特征。如今，

山上居民减少，多数民居废弃，村内公共空间、

街巷空间、院落空间等均发生变化。

1.2 空间现状分析

下伏头村的村民委员会旧址依旧保留着以

前的建筑形态，呈现寨堡式，以四栋二层的建

筑围合为庭院，兼具行政、演出与日常交往三

重功能，建构起具有政治象征性与增强社群凝

聚力的场所（图 1）。建筑入口的拱券门形式，

与周边商店、仓库及小学共同形成的功能簇群，

构成政治、生活、教育融合的核心区域。伴随

新村民委员会的建成，其旧址政治功能抽离，

长时间空置，走向破败。村民委员会旧址附近

拥有同样承载着村民记忆的古井，但随着城镇

化的推进，全村共用一口井的情况变成了家家

户户都有自己的井。这导致村民们在古井四周

基于乡村旅游视角的下伏头村更新策略探究
Exploring Renewal Strategies for Xiafutou Village from the Perspective of Rural Tourism

基金项目：2023 年度教育部人文社会科学研究项目（项目编号：23YJAZH171）

图 1　下伏头村总平面图（图片来源：作者自绘）
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的交流也因此减少。

村内的千年老槐树受到村民崇奉，村民用

龛笼将其围起，每年进行祭拜。以老槐树为中心，

水泥硬化为一个广场，该广场成为村内村民茶

余饭后的聚集地点。此外，在丹河水并未干涸

之前，河边也是村民聚集的核心场所之一。但是，

随着河床逐渐干涸以及周围环境因过度采石而

失去往日之美，河边的聚集场所也逐渐走向破

败（图 2a）。时下，伴随生态环境的不断修复，

河水存量有所好转（图 2b）。

老村街道网络顺应山地地形蜿蜒起伏，如

同树枝的分形图案形成多层次体系。街巷空间

富有层次，道路宽度时有变化，通过引入水渠、

植被等生态元素，再配以生土和卵石铺设，使

其展现出在地性。相反，新村子的道路已完全

符合现代化规划方式，道路成网格状，均采用

混凝土硬化，已经失去原有的传统乡村风貌。

老村房屋通常由当地容易获取的夯土、木材和

石块构成，多为三合院或四合院，宽敞的中庭

确保了充足的光线和流通的空气。新村建筑则

多为常态化乡村民居（图 3）。目前，下伏头村

已推出了六种旅游项目，包括民俗表演、水上

乐园、美食节、特色节庆活动、古树祈福以及

其他娱乐项目。

2 下伏头村现状问题分析

2.1 无序发展、资源未被合理利用

下伏头村在旅游发展方面缺少全面的策划

和规划，使其旅游业发展缺乏秩序，许多旅游

资源（如古槐、古泉等）没有被充分、合理地

开发和利用。此外，下伏头村在旅游基础设施

方面存在明显不足，缺乏诸如公共厕所、停车场、

指示牌和导览图等，同时缺少专业的旅游服务

人员，例如讲解员、清洁工以及河岸安全员等。

2.2 文化冲突和文化失真

随着旅游业的发展，村民为了满足游客的

需求建立了商业设施和旅游景点，但这种变化

可能对传统村庄的文化氛围和建筑风格产生影

响，导致出现文化失真的现象。出现新设施设

施影响传统村落的建筑风格和周围环境，对传

统文化造成一定的破坏。过于迎合游客的需求

和偏好，导致文化失真。

2.3 环境破坏和资源消耗

为适应旅游发展，下伏头村的建筑现代化

改造导致传统建筑风格流失。村落周边土地被

过度开发，导致生态系统和自然风光受损。游

客增多和现代化生活方式导致水资源消耗大增，

频繁出现停水。同时，排放的废气、废水影响

了居民的高品质生活。加之旅游业管理不善，

随意丢弃垃圾和损坏古建筑等现象时有发生。

2.4 经济效益不稳定

下伏头村旅游产品和服务单一，缺乏多元

化和高附加值产品，主要依赖自然生态和传统

文化吸引游客，但难以延长游客的停留时间。

当前，旅游项目以丹河水体体验为主，传统民

居和文化旅游资源开发不足，导致旅游业季节

性强，游客量不稳定，主要收入来自餐饮、游

图 2　丹河水前后对比（图片来源：作者自摄）

b. 时下水量充沛的丹河湾a. 早先干涸的丹河湾

图 3　民居院落形制（图片来源：作者自绘）
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玩项目和土特产，缺乏创新和高附加值产品。

市场调研和规划不足，缺乏多样化的旅游产品

和服务，旅游资源未充分利用。

3 村落保护的困境

3.1 文化保护意识不足

随着旅游业的发展，为了满足游客的需求，

下伏头村的一些具有文化意义的建筑和文物正

在遭受无法逆转的损害。商业化冲击下，文化

遗产失去历史和文化内涵。过度追求旅游经济，

忽视传统文化保护，使年轻一代对本土文化认

知变得模糊。村民为迎合游客改变生活方式和

习俗，增加了文化传承的难度。

3.2 资金、技术缺乏

下伏头村面临人口流失和经济基础薄弱问

题，古建筑修缮、环境卫生整治、基础设施改

善等缺乏资金，难以进行相关工作。此外，村

落保护、古建筑修缮和发展还需多专业技术支

持，现有规划体系内容单一，缺少科学方法，

规划可行性与实效性难以保证。部分规划与当

地实际脱节，忽视了文化、历史和自然环境，

未能解决实际问题。

3.3 管理机制不完善

下伏头村因管理机制不完善，难以保障村

落的保护和发展。因缺乏有效指导和规范管理，

村落保护与发展工作混乱。同时，缺少垃圾分

类和处理设施，垃圾堆积致使环境污染。此外，

污水处理设施不足，污水直接排放污染水源。

生态环境因农药残留和工业废弃物等遭受破坏。

上述问题均因专业管理机构人员缺失、村内管

理人员能力不足导致。项目管理不当，监督评

估机制缺失，规划难以落实。

4 下伏头村保护更新策略

4.1 乡村文化生态保护策略

村落肌理的差异性带来了丰富的体验，具

有村落内生的自然之美，与村民的生活紧密相

连。随着生活方式的转变，一些空间开始闲置

甚至消亡。村落的入口空间代表了村落的形象，

风貌的特点包括位置、形态、标志性建筑和围

合结构。宅前屋后的空间作为重要交流场所，

风貌特点包括地面铺装、围合结构、功能性和

尺度感。街巷空间是村民和游客频繁使用的区

域，涉及道路、过渡空间和转角空间，风貌特

点则包括道路交叉口的形态、空间界面、地面

材料和尺度。同时，重要的节点空间，如槐树

下、水井旁，承载着村民的记忆，展现了村落

的形象。风貌特点包括材质、尺度、标志性建

筑和植物配置。因此，需要通过挖掘文化内涵，

设计空间变化，寻找共同的记忆，以增强村民

的归属感。通过设计手段展现空间格局与自然

环境的关系，保护山水田园，强化依山傍水的

特色。

4.2 历史文化遗产保护策略

在文化资源保护方面，下伏头村拥有丰富

的历史文化遗存，且与乡村外部空间之间存在

着紧密的联系，其中包括古树、古井、石壁雕

刻等，它们与周边环境共同构成了历史文化遗

产。为此，应汇总下伏头村的历史文化资源信息，

将不可移动文物、历史建筑以及文化区域连接

起来，集体保护这些文化遗产。同时，加强传

统文化的宣传与推广，达到保护与发展之间的

协调统一。

4.3 生态环境保护策略

为切实保护乡村生态环境，应首先以国家

“乡村振兴标准化行动方案”政策为导向，明

确生态保护的核心目标，并始终秉持绿色发展

理念。具体实施路径应聚焦于提升村庄环境卫

生水平与优化基础设施体系，包括建立健全垃

圾污水处理设施、改善房前屋后卫生环境、保

障道路畅通，并同步完善公共服务设施。在此

基础上，应充分结合乡村地域特色，科学规划

与建设村庄入口门户及内部各类公共活动空间。

为确保生态保护成效的可持续性，应组建稳定

的专业化保洁队伍，配备完善的作业设施设备，

并建立长期有效的监督考核机制。

4.4 既有建筑更新策略

下伏头村建筑包括传统民居、现代民居、

学校和村民委员会等，随村落发展而建。随着

旅游需求，部分建筑功能需更新。针对目前存

在的居住环境不舒适、风貌特色缺失、空间组

织不合理和现代设施不足的问题，应将基础设

施进行完善并结合旅游开发，提升建筑宜居性，

增设现代设施，改善给排水和照明设施。同时，

改造传统民居以提升居住质量，对无人居住的

旧民居进行改建，植入新业态。建成时应提取

传统风貌要素，改造建筑立面以维系村落的原

始风貌。

4.5 乡村设计优化策略

下伏头村村外自然景观优越。在进行乡村

设计优化的过程中，应建立生态保护区和滨水

生态走廊，设立农业用地缓冲区，并利用 GIS

技术进行用地适宜性评估。在规划乡村旅游项

目时，应确定空间结构元素，保护自然环境和

农田，科学规划自然旅游、生态农业和乡村保

护区域。明确村庄功能区域和发展方向，遵循

适度开发原则，确定设计范围和内容。维持村

落整体布局，保护生态环境和传统空间特色，

保障村民生活。关注周边山林保护，合理开发

丹河和泉水资源，完善给排水设施，创建舒适

的滨水环境。

下伏头村村内拥有独特的建筑风格和空间

组织方式，在进行乡村设计优化的过程中应保

护历史和文化特色，限制新建筑高度和外观设

计，保护街巷结构。在村民日常生活和生产得

到保障的同时，促进乡村旅游发展。考虑保护村

民隐私，构建私密空间，避免过度商业化破坏乡

土生活氛围。乡村旅游规划设计需兼顾村民和游

客需求，尊重当地风俗，保留地方特色，提升旅

游体验，确保成果可持续并适应未来改进。

在进行整体设计时，应考虑其功能特征，

确保设计开放和包容，以适应多样化活动，促

进居民互动；通过空间重塑和艺术表现强化地

方特色和文化记忆，打造具有人文艺术风格的

美丽乡村；考虑到乡村重塑的广泛需求和资金

限制，应注重公共空间改造的高性价比和可复

制性，利用现有资源，赋予多功能，打造经济

高效的村民服务中心。
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本书紧跟影视技术发展趋势，设置五大模块内容，包括一个理论知识模块与四个

实践项目模块。理论知识模块系统阐述视频剪辑工具的基础知识；实践项目模块则基

于Premiere等软件，围绕短视频、宣传片、广告片及网络微短片四大题材，结合中国传

统文化与非遗元素，展开具体案例分析与讲解。通过实践技能的传授，不仅提升学生

的专业技能，更深化其对中华文化的理解与认同，助力学生增强文化自信与爱国情操。

本书为学生提供全面且实用的学习资源，包括案例制作视频、案例素材、课件，旨在

满足影视行业对高素质后期剪辑人才的需求。

本书可作为高等院校数字媒体艺术、文化创意策划、广播电视编导、影视制作、

广告学、新闻学（视频新闻方向）及动画等专业的教材，也可供影视行业从业人员 

参考。
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